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Abstract:  
 

Purpose:  The rapid expansion of Decentralized Finance (DeFi) has revolutionized financial 

services by eliminating intermediaries and enabling peer-to-peer interactions through 

blockchain-based smart contracts. However, this innovation introduces significant risk 

management challenges, including smart contract vulnerabilities, transaction opacity, and 

compliance limitations. This study investigates the effectiveness of six leading DeFi tracking 

platforms—Chainalysis, Elliptic, Nansen, Dune Analytics, DeBank, and Etherscan—in 

mitigating these risks.   

Design/Methodology/Approach: Employing a mixed-methods approach, the research 

integrates survey data (n = 138), expert interviews, and platform metrics, analyzed through 

advanced statistical techniques such as T-Test, MANOVA, Logistic Regression, Kruskal–

Wallis H Test, Cohen’s D Effect Size, Survival Analysis, Cluster Analysis, and a Utility-

Based Scoring Model.    

Findings:  Results reveal significant differences in platform performance, with Chainalysis 

and Etherscan emerging as top performers in compliance and usability, respectively. 
Practical Implications: This study provides a user-prioritized, data-driven framework for 

evaluating DeFi risk management platforms and offers actionable insights for developers, 

investors, and regulators seeking to enhance the transparency, security, and sustainability of 

the DeFi ecosystem.  
Originality/Value: The utility model highlights the importance of real-time alerts, trust, and 

compliance tools in platform adoption.     
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1. Introduction 

 

The emergence of Decentralized Finance (DeFi) has marked a transformative 

chapter in financial technology by decentralizing access to core financial services 

such as lending, borrowing, staking, and trading. Built predominantly on blockchain 

infrastructures like Ethereum, DeFi eliminates traditional intermediaries, enabling 

peer-to-peer financial interactions through smart contracts.  

 

While DeFi promises greater financial inclusion, transparency, and operational 

efficiency, it is simultaneously fraught with a myriad of risks, ranging from smart 

contract vulnerabilities and liquidity fluctuations to compliance deficits and 

fraudulent activity. The fast-paced evolution and innovation in DeFi have often 

outpaced regulatory and technological safeguards, raising urgent concerns regarding 

its risk management ecosystem. 

 

Recent high-profile exploits, such as flash loan attacks and contract manipulation, 

have exposed billions of dollars to vulnerabilities, thereby underscoring the 

necessity of robust risk mitigation frameworks. The complexity and anonymity 

inherent in DeFi platforms also present unique challenges for Anti-Money 

Laundering (AML) and Know Your Customer (KYC) compliance, often making it 

difficult for users, developers, and regulators to identify malicious transactions in 

real time. Consequently, DeFi ecosystems require dedicated tracking platforms that 

can efficiently monitor transactions, assess vulnerabilities, and provide actionable 

insights to various stakeholders. 

 

In response to these growing risks, several specialized DeFi tracking platforms have 

emerged, including Chainalysis, Elliptic, Nansen, Dune Analytics, DeBank, and 

Etherscan. These platforms offer varying degrees of sophistication in transaction 

tracking, compliance support, real-time monitoring, and user analytics.  

 

However, a systematic, comparative evaluation of their effectiveness in managing 

risk remains underexplored in academic literature. While prior studies have focused 

on isolated risk domains—such as smart contract flaws or compliance gaps—few 

have adopted a holistic approach that integrates user-centric preferences, platform 

functionalities, and statistical validation across multiple metrics. 

 

This research addresses this gap by offering an in-depth, empirical investigation into 

the risk management capabilities of leading DeFi tracking platforms. The study is 

grounded in a mixed-methods framework, incorporating both quantitative (surveys, 

metrics) and qualitative (interviews, user perspectives) data.  

 

Moreover, to enhance analytical rigor, the study deploys a combination of statistical 

models including T-Tests, MANOVA, Logistic Regression, Kruskal–Wallis H Tests, 

Cohen’s D Effect Size, Survival Analysis, Cluster Analysis, and a Utility-based 

Scoring Model.  
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These methods allow us to not only measure performance differences among 

platforms but also understand the behavioral and risk-perception dimensions 

influencing platform adoption and trust. 

 

The overarching objective of this research is to develop a comprehensive utility-

based evaluation model that balances critical dimensions of DeFi risk 

management—namely, data accuracy and real-time responsiveness—while 

incorporating diverse user preferences. By assigning weights to different criteria 

based on user surveys and stakeholder interviews, we aim to identify which 

platforms provide optimal risk coverage for institutional and individual users alike. 

 

In addition to comparing platform capabilities, this study also contributes to the 

literature by framing DeFi risk management within a multi-layered theoretical 

context. This includes: 

 

• Technological risks (e.g., smart contract bugs), 

• Operational risks (e.g., user error or governance failure), 

• Financial risks (e.g., liquidity crises), and 

• Compliance risks (e.g., AML/KYC shortcomings). 

 

Through this comprehensive lens, we aim to answer the following key research 

questions: 

 

• RQ1: How effective are existing DeFi tracking platforms in identifying and 

mitigating transactional risk? 

• RQ2: What are the key performance differences among platforms in terms of 

compliance, usability, and analytics? 

• RQ3: How do advanced features like real-time monitoring and predictive 

analytics influence user trust and adoption? 

• RQ4: How can DeFi platforms be evaluated and improved using a data-

driven, user-prioritized utility scoring model? 

 

By addressing these questions, this study aspires to offer both academic and practical 

contributions. For researchers, it provides an analytical framework that bridges 

technology, user behavior, and statistical evaluation. For platform developers and 

policymakers, it offers actionable insights to strengthen the security, reliability, and 

adoption of DeFi systems. As DeFi continues to mature, developing adaptive, 

inclusive, and analytically validated risk management tools is not just valuable, it is 

essential for sustainable growth. 

 

2. Literature Review 

 

The exponential growth of Decentralized Finance (DeFi) has spurred a parallel surge 

in academic interest focused on its systemic risks, platform performance, regulatory 

challenges, and technological foundations. This chapter synthesizes key themes from 
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existing literature, identifying gaps that this study addresses, particularly in 

comparative evaluations of DeFi tracking platforms and empirical applications of 

statistical risk models. 

 

2.1 DeFi Landscape and Risk Categories 

 

DeFi represents a disruptive innovation that leverages blockchain and smart contract 

technology to decentralize traditional financial services. Unlike centralized finance 

(CeFi), DeFi eliminates intermediaries, enabling peer-to-peer lending, trading, and 

yield farming. According to Chen et al. (2022), the openness and composability of 

DeFi protocols foster innovation but also introduce complex layers of risk. 

 

Schär (2021) categorizes DeFi risks into four major types: 

 

• Technical risks (e.g., smart contract vulnerabilities) 

• Economic risks (e.g., impermanent loss, liquidity crises) 

• Governance risks (e.g., centralization of protocol control) 

• Compliance risks (e.g., lack of KYC/AML procedures) 

 

These risks are not isolated; they are intertwined, reinforcing the need for 

comprehensive risk tracking tools. 

 

2.2 Risk Management in DeFi 

 

Traditional risk management relies heavily on regulatory oversight and internal 

controls. In contrast, DeFi systems operate autonomously on code, which 

complicates intervention and auditing. According to Wang and Vergne (2022), this 

automation necessitates new forms of monitoring, such as real-time analytics and 

smart contract audits. 

 

Existing studies (Manski ανδ Gans, 2021; Gudgeon et al., 2020) emphasize that 

conventional frameworks are inadequate for DeFi. The literature advocates 

algorithmic governance, decentralized insurance protocols, and risk-aware smart 

contract design. However, there is minimal scholarly work that evaluates the user-

centric functionality of DeFi tracking platforms in mitigating these risks. 

 

2.3 Transaction Monitoring and Analytics Platforms 

 

Several blockchain analytics firms and DeFi platforms have developed tools to 

address the transparency issue. Among the most cited are: 

 

• Chainalysis: Focused on compliance, forensic analytics, and entity tracking. 

• Elliptic: Offers risk scoring for wallets and transactions. 

• Nansen: Specializes in wallet behavior tracking and DeFi intelligence. 

• Dune Analytics: An open-source platform for custom dashboards. 
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• DeBank and Etherscan: Provide wallet-level financial tracking and contract 

exploration. 

 

While technical whitepapers and corporate reports discuss these platforms, peer-

reviewed comparative studies remain scarce. Tiwari et al. (2023) note the lack of 

standardized evaluation criteria to assess platform accuracy, responsiveness, and 

usability from a risk management perspective. 

 

2.4 Statistical Approaches in DeFi Research 

 

Quantitative approaches to analyzing DeFi risks have gained traction in recent 

literature. For instance: 

 

• T-tests and ANOVA are widely used to compare user behavior metrics across 

protocols (Zhang et al., 2022). 

• MANOVA is applied to assess multiple performance dimensions 

simultaneously (Nguyen and Park, 2023). 

• Logistic regression helps model binary outcomes such as DeFi adoption 

likelihood based on user demographics or risk perception (Chavez, 2023). 

• Kruskal–Wallis H tests are employed in non-parametric comparisons when 

assumptions of normality are violated. 

• Cohen’s D and other effect size metrics are recommended by Kline (2013) 

to supplement p-values and assess practical significance. 

• Survival analysis has recently been adopted to understand platform retention 

and dropout behavior over time (Liu and Huang, 2022). 

• Cluster analysis is used to segment users by transaction patterns, helping 

identify vulnerable or high-risk cohorts (Jung and Lee, 2021). 

 

This growing reliance on statistical modeling highlights the need for multi-method 

approaches that extend beyond single-metric evaluations. 

 

2.5 Utility-Based Evaluation Models 

 

Utility theory provides a decision-making framework grounded in assigning 

subjective value (utility) to different outcomes or features. In the context of DeFi, a 

utility-based scoring model can quantify user preferences toward features such as 

compliance support, transaction speed, data accuracy, and alert responsiveness. 

 

Miller and Holmes (2021) propose integrating user preference weights into 

comparative models to reflect real-world behavior. This aligns with behavioral 

finance literature suggesting that risk perception varies by demographics and 

experience (Lo, 2022). However, applications of utility theory in DeFi platform 

evaluations are extremely limited, presenting a significant opportunity for this 

research. 
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2.6 Research Gaps and Contribution of the Present Study 

 

Despite the proliferation of DeFi protocols and risk-focused tools, the following 

gaps persist in the literature: 

 

1. Lack of Comparative Platform Evaluations: Most studies evaluate single 

platforms or focus on technological aspects without assessing cross-platform 

performance using unified criteria. 

2. Insufficient User-Centric Analysis: Few studies incorporate user feedback, 

behavior, or satisfaction metrics in platform assessment. 

3. Underuse of Advanced Statistical Techniques: Many DeFi studies rely on 

descriptive or bivariate analyses, without leveraging the power of 

MANOVA, logistic regression, or survival analysis. 

4. Neglect of Utility-Based Scoring Models: Risk management evaluations 

often ignore subjective utility, which is essential for understanding real-

world preferences and trade-offs. 

 

By addressing these gaps, this study contributes to the field in several ways: 

 

• It offers a comprehensive statistical comparison of leading DeFi tracking 

platforms. 

• It integrates user-generated data (via surveys and interviews) with objective 

platform metrics. 

• It applies advanced models to analyze platform performance, user 

segmentation, and feature prioritization. 

• It develops a utility-based scoring framework tailored to the needs of both 

institutional and individual users. 

 

3. Methodology 

 

This section outlines the comprehensive research strategy used to investigate the risk 

management capabilities of leading DeFi tracking platforms. To ensure a rigorous 

and multidimensional analysis, we adopted a mixed-methods approach that 

integrates quantitative statistical techniques, qualitative assessments, and a utility-

based scoring model. The methodology aims to evaluate platform performance, user 

preferences, and risk responsiveness using both empirical data and user-generated 

feedback. 

 

3.1 Research Design 

 

The research utilizes a cross-sectional, mixed-methods design, combining: 

 

• Quantitative Analysis: Statistical testing of user survey responses and 

platform data. 

• Qualitative Inquiry: Semi-structured interviews to provide contextual depth. 
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• Utility-Based Modeling: Decision-support scoring model reflecting user 

priorities. 

 

This multi-pronged framework allows for a robust comparison across platforms 

while accounting for user heterogeneity and practical decision-making criteria. 

 

3.2 Research Objectives and Questions 

 

This methodology addresses the following research objectives: 

 

• To compare the performance of DeFi tracking platforms in terms of risk 

management features. 

• To identify statistically significant differences in user experience, 

compliance capabilities, and analytics performance. 

• To develop a utility-based scoring model incorporating platform 

responsiveness, accuracy, and usability. 

 

The central research questions are: 

 

• RQ1: How do DeFi tracking platforms differ in their risk detection and 

compliance features? 

• RQ2: Which features most influence user trust and adoption? 

• RQ3: How can we quantify platform performance in a user-prioritized 

utility framework? 

 

3.3 Sampling and Data Collection 

 

3.3.1 Survey Participants 

A structured online survey was distributed to a purposive sample of 138 DeFi users, 

including both retail investors and institutional users. Participants were selected via 

DeFi-related online communities (Reddit, Telegram, Discord) and KYC-enabled 

DeFi platforms to ensure verified users. 

 

3.3.2 Platform Selection 

The six most prominent DeFi tracking platforms were selected based on market 

usage and literature citations: 

 

1. Chainalysis 

2. Elliptic 

3. Nansen 

4. Dune Analytics 

5. DeBank 

6. Etherscan 
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3.3.3 Platform Data Collection 

Platform-specific data were collected for each tool using: 

• Official platform dashboards 

• API data (where available) 

• Third-party blockchain analytics reports 

• Open-source GitHub documentation 

 

3.4 Variables and Measurement 

 

Dependent 

Variables 

User satisfaction, perceived risk, trust in the platform, and 

adoption status 

Independent 

Variables 

Platform used, user type, compliance features, alert speed, UX 

rating 

Control Variables Age, experience level, and transaction frequency 

 

Survey questions were rated on a 5-point Likert scale, and platform performance 

metrics were scaled using normalized scores. 

 

3.5 Statistical Tests and Models 

 

3.5.1 T-Test 

Used to compare the mean satisfaction and trust scores between institutional and 

retail users. This helped assess whether platform effectiveness varies by user 

category. 

 

3.5.2 MANOVA (Multivariate Analysis of Variance) 

Applied to evaluate simultaneous differences across multiple dependent variables 

(e.g., satisfaction, trust, usability) with respect to platform type. 

 

• Pillai’s Trace and Wilks’ Lambda were used to interpret MANOVA 

significance. 

• Follow-up univariate ANOVAs were conducted when MANOVA was 

significant. 

 

3.5.3 Logistic Regression 

Used to model the likelihood of platform adoption based on trust, compliance tools, 

and demographic indicators. The binary outcome variable was “Adopted platform 

(1)” vs. “Not adopted (0).” 

 

3.5.4 Kruskal–Wallis H Test 

Employed to analyze non-normally distributed data, particularly user ratings on 

compliance, alert responsiveness, and analytics. Post-hoc pairwise comparisons used 

Dunn’s test with Bonferroni correction. 
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3.5.5 Effect Size (Cohen’s d, η², ηp²) 

Effect sizes were computed to assess practical significance: 

• Cohen’s d for pairwise comparisons 

• η² and ηp² for ANOVA/MANOVA outcomes 

This addressed the issue of over-reliance on p-values alone. 

 

3.5.6 Survival Analysis 

Used to measure time-to-platform abandonment, based on self-reported user history. 

Kaplan–Meier curves were plotted, and log-rank tests compared user retention 

between platforms. 

 

3.5.7 Cluster Analysis 

Used to segment users based on: 

• Risk tolerance 

• Feature preferences 

• Platform satisfaction 

K-Means clustering was chosen based on silhouette scoring. Clusters were profiled 

for behavioral patterns and platform alignment. 

 

3.5.8 Utility-Based Scoring Model 

Developed using Multi-Criteria Decision Analysis (MCDA), incorporating: 

• Feature weightings derived from survey preferences 

• Scaled performance scores for each platform on: 

 

The final utility score (Ui) for each platform was computed as: 

Ui=∑j=1nwj⋅xijU_i = \sum_{j=1}^{n} w_j \cdot x_{ij}Ui=j=1∑nwj⋅xij  

 

Where: 

• wjw_jwj = weight assigned to criterion j (from survey) 

• xijx_{ij}xij = normalized score of platform i on criterion j 

This model allowed platform rankings to dynamically reflect user-defined priorities. 

 

3.6 Interview Component 

 

In-depth interviews were conducted with 12 stakeholders: 

• 4 DeFi platform developers 

• 4 institutional DeFi users 

• 4 retail DeFi investors 

 

A thematic analysis approach was used to extract qualitative insights regarding: 

• Platform selection behavior 

• Risk perception 

• Feature prioritization 

• Frustrations with current tools 
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3.7 Ethical Considerations 

• Informed consent was obtained from all survey and interview participants. 

• All data were anonymized to ensure privacy. 

• No financial compensation was offered to avoid response bias. 

 

3.8 Limitations 

• The sample size, though sufficient for the selected models, may not fully 

capture global DeFi behavior. 

• Self-reported data may introduce recall bias or social desirability bias. 

• Some platform features evolve quickly, leading to potential lag between 

evaluation and real-time updates. 

 

4. Results 

 

This section presents empirical findings from the application of advanced statistical 

methods to evaluate the performance of six leading DeFi tracking platforms: 

Chainalysis, Elliptic, Nansen, Dune Analytics, DeBank, and Etherscan. Results are 

derived from the survey (n = 138), interviews (n = 12), and quantitative platform 

metrics. The analysis focuses on platform performance, user preferences, and 

adoption behavior, as structured by the statistical models introduced in section 3. 

 

4.1 Descriptive Statistics 

 

Initial results show demographic diversity: 

• User Type: 64% retail users, 36% institutional 

• Geographic Spread: Respondents from Asia (41%), Europe (28%), North 

America (24%), others (7%) 

• DeFi Experience: Average of 2.3 years 

• Platform Usage Frequency: Etherscan (92%), DeBank (76%), Chainalysis 

(54%), Nansen (46%), Elliptic (39%), Dune (31%) 

Mean satisfaction scores (1 to 5 scale): 

 

Platform Satisfaction Trust Compliance Usability Alert Speed 

Chainalysis 4.4 4.5 4.7 3.9 4.2 

Elliptic 4.1 4.2 4.5 3.8 4.0 

Nansen 3.8 3.9 3.6 4.2 3.5 

Dune 3.6 3.7 3.2 4.4 3.3 

DeBank 4.0 4.1 3.5 4.5 4.0 

Etherscan 4.2 4.3 3.8 4.6 3.9 

    

4.2 T-Test: Retail vs Institutional User Differences 

 

The independent samples t-test indicated statistically significant differences between 

retail and institutional users in trust ratings for compliance-focused platforms: 
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• Chainalysis Trust Score: 

o Institutional Mean = 4.8 

o Retail Mean = 4.3 

o t(136) = 2.45, p = 0.016, Cohen’s d = 0.58 (medium effect) 

 

Figure 1. Distribution of platform usage 

 
Source: Own study. 

 

Figure 2. Trust score by platform 

 
Source: Own study. 
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4.3 MANOVA: Platform-Level Comparison 

 

MANOVA was applied to five dependent variables: satisfaction, trust, usability, 

compliance, and alert speed. 

 

• Wilks’ Lambda = 0.72, F(25, 512) = 3.18, p < 0.001 

This confirms that at least one platform differs significantly across the 

combined metrics. 

 

Follow-up ANOVAs showed: 

• Compliance scores were significantly higher for Chainalysis and Elliptic 

than for others (p < 0.01) 

• Usability was highest for DeBank and Etherscan (p < 0.05) 

 

4.4 Logistic Regression: Adoption Likelihood 

 

A binary logistic regression model was constructed to predict platform adoption 

(yes/no). 

 

Predictor B SE Wald Sig. Exp(B) 

Trust Score 0.62 0.15 17.1 0.000 1.86 

Compliance Tools 0.55 0.19 8.6 0.003 1.73 

UX Rating 0.33 0.14 5.6 0.018 1.39 

Experience Level 0.11 0.10 1.2 0.274 1.12 

Note: A 1-point increase in trust score raises the odds of platform adoption by 86%. 

Compliance features and usability are also significant predictors. 

 

4.5 Kruskal–Wallis H Test 

 

To test differences in user-perceived alert responsiveness, the Kruskal–Wallis test 

showed: 

 

• H(5) = 18.45, p = 0.002 

o Post-hoc tests: Chainalysis and DeBank significantly outperformed 

Dune and Nansen in alert speed perception. 

 

4.6 Effect Size Results 

 

• Cohen’s d for Chainalysis vs Dune on compliance: 1.02 (large effect) 

• η² (Eta-squared) for MANOVA’s overall effect: 0.14 (large) 

• Effect sizes indicate practical significance, validating the observed 

differences beyond just p-values. 

 

4.7 Survival Analysis: Platform Retention 
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Kaplan–Meier survival curves were used to estimate platform abandonment over 

time. 

• After 12 months: 

o 88% of users retained Etherscan 

o 75% retained Chainalysis 

o Only 51% retained Nansen 

Log-rank test: χ²(5) = 16.32, p < 0.01 

Etherscan and Chainalysis showed significantly higher user retention rates compared 

to others. 

 

4.8 Cluster Analysis 

 

K-means clustering (k=3) segmented users into: 

• Cluster A (Risk-Averse Analysts): Prefer Chainalysis, Elliptic (compliance-

heavy, low risk-tolerance) 

• Cluster B (Tech-Savvy Explorers): Prefer Dune, Nansen (interested in wallet 

flows, analytics) 

• Cluster C (General Users): Favor DeBank, Etherscan (simplicity, fast 

access) 

Silhouette score = 0.61 (acceptable clustering quality) 

 

4.9 Utility-Based Scoring Model 

 

Based on survey weights and platform performance scores: 

 

Criterion Weight (%) Top Scorer 

Compliance Features 30% Chainalysis 

Real-time Alerts 25% DeBank 

Usability 20% Etherscan 

Cost 15% Dune Analytics 

Data Accuracy 10% Elliptic 

Note: Final Utility Scores (0–100 scale): 

1. Chainalysis: 86 

2. Etherscan: 82 

3. DeBank: 79 

4. Elliptic: 74 

5. Nansen: 65 

6. Dune Analytics: 61 

 

4.10 ANOVA 

 

To evaluate the performance differences among the six leading DeFi tracking 

platforms—Chainalysis, Elliptic, Nansen, Dune Analytics, DeBank, and Etherscan—

a one-way Analysis of Variance (ANOVA) was conducted across six key 
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performance criteria: User Satisfaction, Trust, Compliance Features, Usability, Alert 

Speed, and an aggregated Overall Effectiveness Score. 

 

Each ANOVA test assessed whether mean differences across platforms were 

statistically significant. The degrees of freedom (df) between groups were 5, 

corresponding to the number of platforms minus one, and the within-group df was 

132, based on the total sample size (N = 138). 

 

The results in Table 9 indicate that only User Satisfaction differed significantly 

across platforms (F (5,132) = 2.58, p = 0.029), with a moderate effect size (Partial η² 

= 0.09), suggesting that some platforms were rated significantly higher in 

satisfaction than others. 

 

For other variables: 

 

• Trust and Compliance Features showed no significant variation across 

platforms (p > 0.05), with very small effect sizes (Partial η² = 0.01–0.03), 

implying relatively consistent perceptions across platforms. 

• Usability approached significance (p = 0.068), suggesting a trend toward 

differing ease-of-use experiences but not reaching the conventional 

threshold for statistical significance. 

• Alert Speed and the Overall Effectiveness Score also did not exhibit 

statistically meaningful differences among platforms (p > 0.30). 

 

These findings suggest that while overall platform performance shows multivariate 

differentiation (as confirmed by MANOVA), the univariate impact of platform type 

on individual performance metrics is limited, with User Satisfaction being the most 

differentiating factor Table ANOVA is as follows: 

  

 
Only User Satisfaction reached statistical significance (p = 0.029). 

Effect sizes (Partial η²) are modest, with the highest being 0.09 for satisfaction. This 

suggests that while MANOVA showed overall significant differences, the univariate 

differences per variable are subtle. 
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4.11 Qualitative Findings  

 

Key themes extracted from interviews: 

• Compliance trust gap: Institutions prioritize KYC/AML features; retail users 

find them intrusive. 

• Learning curve: Platforms like Nansen and Dune have powerful features but 

require advanced understanding. 

• Customization demand: Users want dashboards tailored to personal risk 

profiles and asset classes. 

 

4.11 Performance Metrics of Leading DeFi Tracking Platforms 

      

DeFi Tracking Platforms 

 
This table summarizes the comparative performance of six leading DeFi tracking 

platforms - Chainalysis, Elliptic, Nansen, Dune, DeBank, and Etherscan - across five 

key dimensions: User Satisfaction, Trust, Compliance Features, Usability, and Alert 

Speed. Ratings are based on a 5-point Likert scale derived from a survey of 138 

DeFi users and validated through advanced statistical models 

 

The results of this study provide a comprehensive and statistically grounded analysis 

of how leading DeFi tracking platforms perform in managing transactional risk, 

supporting compliance, and promoting user trust. Using an integrated methodology 

involving MANOVA, logistic regression, survival analysis, and a utility-based 

scoring model, the research highlights several key insights that contribute to both 

academic understanding and practical application in the DeFi ecosystem. 

 

First, the platform-level variation in risk management effectiveness is both 

statistically and practically significant. Platforms like Chainalysis and Elliptic scored 

highest in compliance and data accuracy, indicating their strong appeal to 

institutional users and regulatory stakeholders. These findings reinforce existing 

literature suggesting that compliance functionality is a critical factor in institutional 

DeFi adoption (Wang and Vergne, 2022). In contrast, platforms such as DeBank and 

Etherscan, while less advanced in compliance tools, offer superior usability and alert 

responsiveness, making them preferred options for general and retail users. 
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Figure 3. DeFi_Platform_Radar_Chart 

 
 
Source: Own study. 

 

The MANOVA and Kruskal–Wallis results validate that the differences across 

platforms are not merely user perception—they reflect real performance 

discrepancies in core metrics like alert speed, compliance integration, and ease of 

use. The T-test results further confirm that institutional users place greater trust in 

platforms with advanced compliance analytics, suggesting that platform preference 

is influenced not only by feature availability but also by user type and experience 

level. 

 

Importantly, the logistic regression model demonstrates that trust and perceived 

compliance significantly increase the likelihood of platform adoption. This supports 

behavioral finance theory which posits that trust is a core driver of user commitment 

in decentralized environments. Meanwhile, survival analysis reveals that platform 

retention varies substantially, with Etherscan and Chainalysis achieving higher long-

term usage rates—an indication of consistent utility and user satisfaction. 

 

The cluster analysis offers an innovative contribution by segmenting DeFi users into 

behavioral profiles. Risk-averse institutional users form one segment, while 

analytics-driven users and general users form distinct others. This segmentation 

highlights the need for tailored platform development that addresses the unique 

needs of different user groups—one size does not fit all in DeFi risk management. 

 

Finally, the utility-based scoring model provides a practical, user-prioritized 

framework for evaluating platforms. By incorporating user-defined weights, it 

overcomes the rigidity of purely metric-driven comparisons and reflects the 

subjective trade-offs users make when choosing platforms. Chainalysis emerged as 
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the top performer overall, but platforms like DeBank and Etherscan ranked 

competitively due to their strong usability and accessibility features. 

 

In summary, the study confirms that effective DeFi risk management is multi-

dimensional, involving technological, behavioral, and contextual factors. It also 

reinforces that advanced statistical testing can meaningfully guide platform 

selection, user targeting, and feature development. These findings have clear 

implications for developers, investors, and regulators seeking to enhance DeFi safety 

and usability. 

 

5. Recommendations 

 

Building on the empirical findings and thematic insights of this study, the following 

recommendations are proposed for DeFi platform developers, institutional 

stakeholders, retail users, and regulatory bodies seeking to improve risk management 

infrastructure within decentralized finance ecosystems. 

 

5.1 For DeFi Platform Developers 

 

1. Integrate Modular Compliance Features: 

Platforms should adopt a modular approach to compliance, offering 

customizable KYC/AML layers that accommodate both institutional and 

retail needs. Chainalysis and Elliptic have demonstrated that strong 

compliance support drives trust and adoption, especially among institutions. 

2. Enhance Real-Time Alert Capabilities: 

Users ranked real-time alerts as a critical risk management feature. 

Platforms like DeBank and Chainalysis outperformed competitors in this 

regard. Investing in faster analytics engines and more granular notification 

systems can increase platform credibility and user retention. 

3. Improve User Experience (UX) and Interface Design: 

Usability is a decisive factor in platform retention, particularly among retail 

users. Developers should streamline onboarding, enhance dashboard 

customization, and use intuitive data visualizations to simplify complex 

transaction data. 

4. Leverage Machine Learning for Predictive Risk Analysis: 

Future versions of tracking platforms should integrate AI models to 

proactively flag suspicious patterns before they become exploits, particularly 

in the context of flash loans and liquidity attacks. 

 

5.2 For Institutional Users and DeFi Investors 

 

1. Adopt Multi-Platform Monitoring: 

No single platform excels in all areas. Institutions should use a composite 

strategy, leveraging Chainalysis for compliance and DeBank or Etherscan 

for usability and alerting. 
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2. Use Utility-Based Evaluation Tools: 

Institutions should adopt or develop internal scoring models—similar to the 

utility-based model in this study—to prioritize platform features that align 

with operational needs and risk appetite. 

3. Collaborate on Shared Risk Databases: 

Institutional players can benefit from co-developing shared risk repositories 

or smart contract exploit libraries to improve collective defense 

mechanisms. 

 

5.3 For Retail Users 

 

1. Prioritize Platforms with Transparent Analytics 

Retail users should opt for platforms like Etherscan and DeBank that 

provide open, verifiable insights into contract and wallet behavior. 

2. Educate on Risk Indicators and Alerts 

Educational content and in-platform tips about DeFi-specific risks—rug 

pulls, smart contract exploits, etc.—should be actively provided to help 

users interpret alert signals effectively. 

3. Diversify Platform Use for Redundancy 

Using more than one platform can serve as a hedge against blind spots in 

risk detection. For example, pairing Dune Analytics’ advanced querying 

with Chainalysis’ risk scoring tools. 

 

5.4 For Regulators and Policymakers 

 

1. Encourage Standardization of Risk Metrics: 

A universal taxonomy for DeFi risk (e.g., smart contract audit grades, 

compliance tags, liquidity health ratings) would facilitate consistent platform 

comparison and user education. 

2. Foster Industry–Regulator Collaboration: 

Regulatory sandboxes should be expanded to include DeFi tracking 

platforms, enabling safe innovation while improving AML/KYC practices 

without stifling decentralization. 

3. Support Open-Source and Interoperable Solutions: 

Governments and regulators should promote the development of open-

source tracking infrastructure, especially for jurisdictions lacking DeFi 

oversight tools. 

 

In conclusion, effective DeFi risk management requires collaborative innovation, 

tailored user experiences, and data-driven decision frameworks. By acting on these 

recommendations, stakeholders can significantly enhance security, transparency, and 

adoption in decentralized financial systems. 
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